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Abstract 

There is a growing global need to transition from a fossil-based to a bio-based economy to produce fuels, chemicals, 
food, and materials. In the specific context of industrial biotechnology, a successful transition toward a sustainable 
development requires not only steering investment toward a bioeconomy, but also responsibly introducing bio-
based products with lower footprints and competitive market prices. A comprehensive sustainability assessment 
framework applied along various research stages to guide bio-based product development is urgently needed but 
currently missing. To support holistic approaches to strengthen the global bioeconomy, the present study discusses 
methodologies and provides perspectives on the successful integration of economic and environmental performance 
aspects to guide product innovation in biotechnology. Efforts on quantifying the economic and environmental 
performance of bio-based products are analyzed to highlight recent trends, challenges, and opportunities. We criti-
cally analyze methods to integrate Techno-Economic Assessment (TEA) and Life Cycle Assessment (LCA) as example 
tools that can be used to broaden the scope of assessing biotechnology systems performance. We highlight the lack 
of social assessment aspects in existing frameworks. Data need for jointly applying TEA and LCA of succinic acid as 
example commodity chemical are assessed at various Technology readiness levels (TRLs) to illustrate the relevance 
of the level of integration and show the benefits of the use of combined assessments. The analysis confirms that the 
implementation of integrated TEA and LCA at lower TRLs will provide more freedom to improve bio-based product’s 
sustainability performance. Consequently, optimizing the system across TRLs will guide sustainability-driven innova-
tion in new biotechnologies transforming renewable feedstock into valuable bio-based products.

Keywords: Bio-based products, Life cycle, Biotechnology, Sustainability assessment, Technology readiness levels, 
Bioprocess optimization

Background
The recent success in scaling up bio-based innovations 
[1] has created expectations of decreasing the current 
dependence on fossil-based materials in a transition 
toward a circular economy and renewable energy sys-
tems [2]. Bioeconomy envisions to embody activities 

required to shift into resource-efficient and carbon-
neutral economies worldwide [3]. This economy concept 
involves prioritizing opportunities to produce renewable 
bio-resources and their transformation, including waste 
streams, into bio-products, such as fermented food, bio-
chemicals, biomaterials, and bioenergy [4]. The demand 
for bio-based products has seen progressive growth in 
the past decade [5]. The biochemicals, in their entirety, 
comprised a 2% share of the global chemical sector by 
2008; projections indicate that the trend is expected 
to rise to 25% by 2025 [6]. The production of bio-based 
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products has the potential to be more environmentally 
sustainable than fossil-based products. Therefore, shift-
ing from a finite fossil resource-based economies to a 
renewable and circular bio-based economy might boost 
transitioning toward a sustainable development [7]. Most 
biochemicals have potential benefits compared with their 
fossil-based counterparts, e.g., lower greenhouse gas 
(GHG) emissions [8–10]. However, if overlooked, bio-
based products could perform worse in others impact 
categories, such as land use, water consumption, among 
others [11]. Thus, claiming sustainability of bio-based 
products requires a better understanding of the actual 
environmental impacts and options for minimizing those 
as function of the specific bio-based production system 
at hand. From a global perspective, chemical pollution 
has exceeded its planetary boundary [12]. Galan-Mar-
tin et  al. [13] examined the implications of shifting to a 
renewable and bio-based chemical industry, finding that 
the alternatives with highest GHG emissions savings 
exceed the planetary boundary for biodiversity loss by 
30%. Rockström et al. [14] defined this boundary as the 
rate of biodiversity loss measured in species extinction 
rate, as extinctions per million species-years (E/MSY), 
proposing a boundary of 10 E/MSY. Further studies must 
include planetary boundaries to guarantee a successful 
transition into a sustainable bioeconomy [14].

Alongside the existing issues regarding the environ-
mental sustainability performance of bio-based produc-
tion, the scaling up costs of their transformations prevails 
as a significant challenge to remain competitive. Perform-
ing relevant research and development (R&D) across 
various life cycle stages provides insights for product 
optimization and boost commercialization efforts [15]. 
The administration and R&D encircling a biotechnol-
ogy innovation have to be of the highest quality to attract 
attention from the venture capitalist community [16]. If 
any of these became exceedingly missing, biotechnology 
innovation would be effectually worthless and jeopardize 
commercialization levels.

There is an absence of clarity to recognize and prior-
itize critical issues that could affect the sustainability 
performance of bio-based products. Identifying cur-
rent strengths, weaknesses, opportunities, and threats 
(SWOT) toward sustainability in the bio-based economy 
might boost the vision for enhancing innovations to 
develop technologies, products, or services [17]. Such 
lucidity can only be achieved if the research is sustaina-
bility-driven, in line with the current bioeconomy goals 
[1] and technological development phases [18]. Sustain-
ability assessment can aid the identification of SWOT, 
while the technology takes steps forward toward com-
mercialization. The level of maturity is commonly 
described by the Technology readiness levels (TRLs) (1 

to 9), which identify and rank R&D stages and level of 
development of a product, process, or technology [19, 
20]. Then, innovations undergo R&D phases while pro-
gressing across TRLs and nearing production, scale-up, 
and commercialization, eventually. A persisting challenge 
in biotechnology development is the low rate of success-
ful commercialization of innovations, where less than 1% 
of innovations derived from academia currently reaches 
industrial practice globally [21]. Due to the challenges 
in translating the lab-scale success to pilot-scale, as the 
TRLs increase, several ventures fail and the phenomenon 
of such downfall is often referred as the Valley of Death 
[22]. Hence, to survive the valley of death stakeholders 
need to identify, and avoid the factors (i.e., through early 
sustainability assessments and identification of SWOT) 
which may lead to the failures, early in the development 
stages (TRLs 1–3) and through the process (TRLs 4–7) 
[23] until the innovation is matured enough to match 
commercial expectations (TRLs 8–9).

Bio-based platforms are fundamentally supported 
by renewable feedstocks, comprising products derived 
from first-generation biomass, primarily at high TRLs 
[24]. Important market drivers focus on offering envi-
ronmentally friendlier and more renewable solutions to 
substitute petrochemicals [25]. Bio-based products from 
second-generation biomass are currently under develop-
ment, at low-to-mid-TLRs. Lower quantities of readily 
accessible sugars and high pretreatment costs have hin-
dered the translation of R&D activities for second-gener-
ation biomass toward higher TRLs [26]. Novel processes 
to valorize alternative renewable feedstocks with low to 
mid TRLs are investigated. These include macro-algae 
[27], micro-algae [28], and municipal wastes residues 
[29], often referred to as third- and fourth-generation 
biomass [24]. A few years ago, the European Commission 
(EC) provided a comprehensive overview of the devel-
opment needs and status for the sugar-based platform 
[30]. The state of many biochemicals is listed based on 
the TRLs. The selection criteria for the literature review 
carried out in this work include related publications on 
those bio-based products from the EC list that might 
be relevant due to their maturity or applications. The 
emphasis of the work presented here does not cover stud-
ies on biofuels (e.g., bioethanol, biodiesel, etc.) that serve 
the energy sector but includes those bio-based products 
with potential applications in food, chemical, materials, 
and other industries.

To ensure that bio-based products are not only envi-
ronmentally sustainable but also viable, economic aspects 
need to be considered in addition [31]. The Techno-
economic Assessment (TEA) is a widely used tool for 
assessing technical and economic issues of a production 
plant or manufacturing system [32]. TEA and Life Cycle 
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Assessment (LCA) serve as starting points for integrating 
economic and environmental sustainability performance 
in biotechnology R&D. Comprehensive decision-making 
requires identifying conflicting trade-offs, which are not 
entirely settled if the analysis focuses on separate TEA 
and LCA [33]. It is urgent to explore ways of integrat-
ing economic and environmental performance based on 
sustainability-driven objectives for boosting innovations. 
Many integrated LCA and TEA studies have been con-
ducted on bio-based products as discussed elsewhere 
[33–35]. Recently, integration efforts were analyzed from 
a chemical process design perspective [34]. Most inves-
tigations have focused on separate TEA and LCA stud-
ies, while proper integration remains an ongoing task. 
In addition, the relevance of the TRLs in biotechnology 
product development from a life cycle perspective needs 
to be further explored. Previous studies have addressed 
the need of including TRL in the early sustainability 
assessment [36, 37] to promptly investigate the existing 
tradeoffs. As a result, the manuscript focuses on analyz-
ing the efforts to integrate TEA and LCA with applica-
tion in the bio-based production and the relevance of 
TRLs in the assessment task. The early quantification of 
environmental and economic sustainability performance 
will enhance the identification of SWOT and avoid the 
factors that lead to the Valley of Death. With this in 
mind, we present an overview of current ways to com-
bine or integrate economic and environmental sustain-
ability performance in biotechnology R&D. In addition, 
challenges to operationalize TEA and LCA integration 
are outlined. A case study on succinic acid production is 

applied, illustrating the challenges and calling for a com-
bined sustainability assessment to guide the R&D phases 
across TRLs. Finally, ways forward to optimize systems 
are discussed to minimize trade-offs and successfully 
boost sustainability-driven innovation of renewable bio-
based products.

TEA and LCA implementation in guiding R&D 
activities in bio‑based production
In recent years, inclusion of TEA and LCA in R&D stages 
in biotechnology has surfaced to evaluate benchmarks 
and find hotspots independently [35]. Techno-economic 
aspects are assessed during the technology development 
to steer economic and technical innovations [38]. This 
methodology determines research priorities by iden-
tifying cost bottlenecks during the early design stages 
[39]. TEA enables closed-loop feedback that connects 
economics, process modeling, and laboratory data in a 
continuous stepwise improvement scheme to progress 
over the TRLs [40]. LCA quantifies the environmental 
performance of a product, process, or service during its 
life cycle [41]. Contrary to TEA, fewer LCA studies have 
been applied to bio-based products [42, 43]. These stud-
ies are mostly limited to gate-to-gate [44] or cradle-to-
gate [45] assessments. Other contributions have used the 
LCA to benchmark upstream and downstream technolo-
gies [46]. Still, LCA studies are absent for many widely 
traded biochemicals, such as fumaric acid or methyl lev-
ulinate [30], which remain at low levels of maturity (< 5 
TRLs). Table  1 summarizes some major LCA studies 
(the list is not exhaustive) applied to bio-based products 

Table 1 LCA studies of bio-based building blocks and their corresponding TRLs

TRLs Compound Feedstock Processing pathway System boundaries Refs.

8–9 Acetic acid Poplar chips (2nd generation) Fermentation Cradle-to-gate [52]

Lactic acid Glucose (1st generation) Hydrolysis Cradle-to-grave [53]

1,3-Propanediol Glucose (1st generation) Fermentation Cradle-to-gate [54]

1,4-Butanediol Wheat straw (1st generation) Direct fermentation Cradle-to-gate [55, 56]

Ethylene Poplar chips (2nd generation) Rectisol reaction Cradle-to-gate [57]

Propylene glycol Oils (1st generation) Esterification Cradle-to-gate [58]

Ethylene glycol Miscanthus (2nd generation) Catalytic conversion Cradle-to-gate [59]

Furfural Sugar beet (1st generation) Pyrolysis Gate-to-gate [60]

Sorbitol Glucose (1st generation) Hydrogenation Cradle-to-gate [61]

7–8 Succinic acid Sorghum (1st generation) Fermentation Cradle-to-gate [62]

6–7 Levulinic acid Rice straw (2nd generation) Acid dehydration Cradle-to-gate [63]

Ethyl lactate Corn stover (2nd generation) Reversible esterification Cradle-to-grave [64]

5–6 Butyric acid Wheat straw (2nd generation) Fermentation Cradle-to-gate [65]

Formic acid Beechwood (2nd generation) OxFA-Process Gate-to-gate [66]

5-Hydroxymethyl furfural Bread waste (2nd generation) Catalyst conversion Cradle-to-gate [67]

2,5-Furandicarboxylic acid Hardwood chips (2nd generation) Catalyst reaction Cradle-to-gate [68]

4–5 Adipic acid Forest residues (2nd generation) Fermentation Cradle-to-gate [69]



Page 4 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144 

based on the report given by [30], classifying them by 
TRLs, biomass source, and assessed system boundaries. 
It is worth highlighting that the purpose was to show that 
at least one LCA study was conducted for each of the 
listed biochemical.

Integration of TEA and LCA
Integration approaches for combining TEA and LCA 
already exist, each with their specific limitations. Ana-
lyzing the trade-off derived from the economic and envi-
ronmental performance evaluation is an essential task to 
guide sustainability-driven innovation. However, the pur-
pose of this integration is not fully achieved if TEA and 
LCA are performed independently and inconsistently. 
Consistent integration of these methodologies involves 
systematically combining financial, technical, and envi-
ronmental performance aspects to provide deep insights 
on the trade-offs that guides researchers in the technol-
ogy development. Figure 1 shows a common set of goals 
and scope that the TEA and LCA needs to attain for 
seamless and consistent integration.

Several studies in the literature have addressed TEA 
and LCA of bio-based products, including assessments of 
lignocellulosic biorefineries [47], co-production of lactic 
acid and ethanol [48], or biohydrogen and biomethane 

production [49]. Those studies that do not apply any inte-
gration (i.e., common functional unit, aligned boundary 
conditions, multiobjective optimization, or monetization 
factors) are not considered in the search.

Technology maturity and freedom of design 
in biotechnology R&D
In addition, the level of technology’s maturity is an essen-
tial aspect in technology development and sustainability 
assessment of biotechnological innovations. The lower 
the TRL, the more freedom of design exists at the cost 
of higher uncertainties. Moderate levels of both uncer-
tainties and design freedom are expected for intermedi-
ate TRLs. Figure 2 displays a schematic representation of 
technology assessments for R&D tasks across TRLs.

To initiate the iterative assessment, one begins from 
available data to perform preliminary LCA and TEA to 
obtain an elevated level of feedback to optimize the tech-
nology. Ex-ante LCA and TEA inventories are generated 
at this stage, determining economic and environmental 
performance [50]. At higher TRLs, lower design free-
dom and uncertainties are observed, but contrastingly a 
rigorous LCA and TEA could be performed. Sustainabil-
ity assessment is not often practiced in the initial stages 
delaying, in some cases, the sustainable development 

Fig. 1 Venn diagram highlighting the differences between LCA, TEA, and integrated assessments. Focus on studies addressing integration methods
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across the TRLs. Few combined TEA–LCA studies (in 
bio-based production) have assessed technologies at low 
maturity levels, implying that most assessments were 
performed at higher TRLs.

Trade-offs exist when applying strategies for improv-
ing environmental and economic performance [51]. Once 
the TEA and LCA are integrated, such trade-offs can be 
observed and iterated with the R&D activities to opti-
mize bioprocesses. Hence, it is critical to invest in meth-
odological efforts to develop integrated TEA and LCA 
frameworks. Implementing such comprehensive meth-
odologies to screen promising biotechnology innova-
tions, rank research priorities, and map the path for R&D 
is critical for bringing sustainable bio-based products 
into the market. Therefore, the contribution describes 
an overview of the efforts and challenges in integrating 

the methods of LCA and TEA, and the evaluation of a 
case study to show the associated trade-offs. The efforts 
are essential for the primary goal of this work, to provide 
directions for future research toward a consistent and 
successful integration of economic and environmental 
performance in biotechnological innovations.

Overview of TEA and LCA integration efforts
Sustainability assessment identifies trade-offs and com-
bines the economic and environmental performance 
of a product system. Integrating TEA and LCA will 
directly contribute to tuning the process and optimiz-
ing bio-based production systems. Strategies and meth-
ods in process design [70], process synthesis [71], and 
process integration [72] (e.g., design of water recy-
cling networks) have addressed some applicability of 

Fig. 2 R&D stages for sustainable innovation in biotechnology in developing sustainability assessment across TRLs. Assessment methodology 
within the TRLs (left-to-right), freedom of design related to Technology development (top-to-bottom)
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combined approaches [73]. However, the efforts for 
integrating TEA and LCA are geared toward the assess-
ment phase. Stand-alone assessment is a widespread 
practice to evaluate sustainability as this helps to deter-
mine scaling-up settings, environmental profiles, and 
economic performance of a bio-based production [74]. 
Separate, standalone LCA and TEA can identify poten-
tial improvement areas [35] and also help estimate car-
bon credits and offsets at the process or supply chain 
levels [75].

Nevertheless, additional multicriteria decision-making 
would provide more comprehensive assessment plat-
forms [76]. Stand-alone LCA and TEA studies typically 
fail to uncover relevant trade-offs across environmen-
tal and economic aspects [34, 77, 78]. R&D technology 
phases based on TRLs need to be streamlined in com-
bined approaches, considering quantitative (and quali-
tative) strategies across TRLs [79]. The main goals of 
combining TEA and LCA can vary substantially. Identi-
fied objectives include:

• Determining system hotspots and comparing the 
outcomes with a standard reference (e.g., well-estab-
lished process or technology).

• Evaluating project alternatives for process design, 
feedstock, or product applications.

• Comparing technologies using generic methods to 
set targets and benchmarks.

There is no standard approach for combining TEA and 
LCA. Efforts made toward an integrated approach have 
employed quantitative strategies. A common charac-
teristic of the reported combined methodologies is the 
exclusion of the linkages between the economic and envi-
ronmental performance outcomes, which also includes 
separately considered sensitivity and uncertainty aspects. 
The above is also extended to the application of sensi-
tivity and uncertainty analyses independently. Table  2 
describes key characteristics of proposed TEA and LCA 
integration strategies at different integration levels and 
system boundaries. Literature provides a broad range 
of different integration methodologies which have been 
applied at various extents. These methodologies include 
multicriteria decision analysis (MCDA), multiobjec-
tive optimization (MOO), the Life Cycle Sustainabil-
ity Assessment (LCSA), monetization methods, among 
others. The methodologies are classified into three main 
groups:

• Contributions that introduce methods to assess com-
bined economic and environmental indicators.

• Assessment methods that are used for conducting 
optimization when multiple decision objectives are 

required by stakeholders. Among these methods, we 
find MCDA, MOO, and others are listed.

• Contributions that encompass the effect of change 
in input variables, resulting in variations in environ-
mental and economic performance, and introduc-
ing sensitivity approaches to foresee impacts of such 
changes.

Combined indicators for sustainability quantification
A first attempt of combined economic and environ-
mental indicators included cost reduction by effects of 
improving the environmental performance. Verma et al. 
[80] estimated decarbonization or life cycle greenhouse 
gas (GHG) emissions reduction-related costs based on a 
normalization factor for a project to a reference target. 
Applying similar approaches is foreseeable, considering 
the efforts to reduce global emissions and economic pen-
alties, such as carbon-based taxes. Consequently, finding 
optimal options based on minimized carbon abatement 
costs at process design and supply chain levels delivers 
significant advantages to management and policy mak-
ers. A TEA–LCA monetization-based method was pre-
sented by Ögmundarson et al. [78]. The method defines a 
common functional unit (e.g., 1 kg of bio-based product) 
and generates environmental and economic output data. 
Monetization of environmental impacts aggregates TEA 
and LCA results and shows a single score per functional 
unit that is easy to understand for stakeholders.

The selection, evaluation, and optimization of indica-
tors can make a system incrementally more sustainable. 
Selecting key performance indicators (KPI) applicable 
to all systems is not straightforward. In bioprocesses, 
the complexities are shared between different systems. 
Material and energy sources, hazardous materials, expo-
sure from chemicals, water systems, wastes, land use, 
cost, safety, and occupational aspects are amongst the 
parameters that embody such constraints in this indus-
try from a life cycle perspective. The task is completed by 
collecting performance indicators in augmented metrics. 
The industry has adopted a few of them addressing the 
described sustainability areas.

Sikdar et  al. [81] described statistical features of pro-
posed sustainability metrics, considering less than ten 
indicators, addressing the sustainability footprint concept 
based on Euclidean and geometric means. Ruiz-Mercado 
et al. [82] presented a taxonomy of sustainability indica-
tors within The Gauging Reaction Effectiveness for the 
Environmental Sustainability of Chemistries with a Mul-
tiobjective Process Evaluator (GREENSCOPE) approach 
focused on gate-to-gate assessments. More than 140 
indicators were listed, embracing various categories 
(environment, material efficiency, energy efficiency, and 
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Table 2 Key aspects of efforts made to integrate TEA and LCA considering integration framework and system boundaries

Framework Method/approach Scope Key characteristics of proposed 
methods

Refs.

Combined indicators GHG abatement cost Life cycle (cradle-to-grave) Straightforward application for a 
wide range of systems
Appropriate for studies based on 
 CO2 reduction
Requires setting performance 
targets

[80, 104]

Monetization of impacts Life cycle (cradle-to-grave) Straightforward application for a 
wide range of systems
Appropriate for optimization-
based studies
Requires defining monetization 
factors

[78]

Normalized impacts Life cycle (cradle-to-grave) Measures the relativity perfor-
mance of economic and environ-
mental indicators
Applies linear interval standardiza-
tion for normalization

[105]

Sustainability footprint Partial Life cycle (cradle-to-gate 
or gate-to-gate)

The method is based on statistical 
analysis
Focuses on technologies compari-
sons and optimization
Requires the assignation of 
weighting factors

[81]

GREENSCOPE1 Partial Life cycle (gate-to-gate) Multiple indicators for several 
areas
Visualization in spider/radial 
diagrams
Requires setting performance 
targets

[82]

Sustainability assessment by 
impact normalization

Partial Life cycle (gate-to-gate) Impact normalization using 
GREENSCOPE approach
Application for coal gasification 
technologies
The focus is on climate change 
and energy impacts

[106]

Aggregation metrics based on 
 ROI2

Partial Life cycle(gate-to-gate) A metric for the extension of a 
financial metric
Adequate for process optimiza-
tion and integration
Requires the assignation of 
weighting factors

[83, 84, 95]

MOO combined with superstruc-
ture optimization

Partial Life Cycle (gate-to-gate) Application in process synthesis 
and analysis
Performance measured by Net 
Present value and Global Warming 
potential
Trade-offs visualization in a 
2D-Pareto

[87]

MOO based on trade-off analysis Partial Life cycle (gate-to-gate) Analyses the trade-offs of  CO2 
emissions and net profit
Integrates simulations and sus-
tainability assessment
Deals with a multiobjective 
optimization

[88]

MOO based on ROA and stochas-
tic analysis

Partial Life Cycle (well-to-wheel) Both deterministic and stochastic 
analysis are implemented
Integration based on an MOO 
including ROA analysis

[89]
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Table 2 (continued)

Framework Method/approach Scope Key characteristics of proposed 
methods

Refs.

MCDA or MOO MCDA based on Stakeholders 
analysis

Life cycle (cradle-to-grave) Includes a stakeholder’s analysis 
and social indicators
Trade-off visualization in a 
2D-Pareto
Rates indicators in terms of rel-
evance, practicality, reliability, and 
importance

[90]

MCDA based on  TOPSIS3 Partial Life cycle (gate-to-gate) Applies aggregation based on 
positive and negative ideal solu-
tions (best and worst targets)
The geometric distance is used to 
normalize indicators
Requires the assignation of 
weighting factors

[91]

Hybrid Sustainability assessment 
and process integration

Partial Life cycle (cradle-to-gate) Combines sustainability assess-
ment with process integration 
and experimental validation
Employs the analytical hierarchy 
process for MCDA
Material and energy streams are 
represented using arrays

[92]

MCDA for biorefinery supply chain 
under uncertainties

Partial Life cycle (cradle-to-gate) Deals multiobjective optimization 
with stochastic modeling
Market uncertainties are consid-
ered
Trade-off visualization in a 
2D-Pareto

[94]

Thermo-economic optimization Partial Life cycle (gate-to-gate) Focuses on technologies compari-
son and  CO2 reduction
Combines energy integration with 
economic and environmental 
assessment
Trade-off visualization in a 
2D-Pareto

[96]

Uncertainty of combined perfor-
mance

Partial Life cycle (gate-to-gate) Application for biorefinery design 
and optimization
Employs Monte Carlo simulation
Uncertain inputs are set via Spear-
man’s rank correlation coefficients

[97]

Linkages of TEA and LCA results Sensitivity of economic penalties 
of  CO2 avoidance

Life cycle (cradle-to-grave) Includes an MCDA combined with 
interpretation phase
Focuses on the strategic planning 
level
Evaluates sensitivity between eco-
nomic penalty for  CO2 avoidance 
and energy consumption

[98]

Life cycle optimization Life cycle (cradle-to-gate) Focuses on supply chain optimi-
zation
Trade-off visualization in a 
2D-Pareto
Sensitivity analysis evaluates the 
influence of product selling price 
on environmental and economic 
performance

[99]

Weighting-based optimization Life cycle (cradle-to-gate) Sensitivity evaluates the effects 
of weighting factors in the overall 
performance optimization func-
tion
Monte Carlo analysis is included
Non-linear optimization based on 
a weighted objective function

[100]
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economics). El-Halwagi [83] introduced an indicator-
based method for aggregating sustainability indexes to 
prioritize and assess process improvement initiatives. 
The metric extends the conventional economic return on 
investment to rank the favorable or detrimental effects 
on sustainability performance at the early design stage. 
Other scholars have proposed related augmented metrics 
to embrace additional aspects such as process safety [84] 
or exergy [85] focused on the chemical process design 
level.

Optimization‑based approaches for sustainability 
quantification
Multicriteria approaches have played a relevant role 
in integrated assessments as alternative aggregation 
methods. MCDA and MOO methods introduced in the 
previous section is used to rank systems to combine 
environmental and economic outcomes and choose the 
optimal alternative [86]. Optimization algorithms are 
implemented to identify the viable solution space based 
on the enforced constraints. Data visualization and deci-
sion-making analysis in MOO commonly include the dis-
play of the set of non-dominated solutions (Pareto front) 
[87]. The non-dominated solutions are common prob-
lems in multiobjective optimization, as the result of the 
restriction of improving one objective function without 
simultaneously decreasing the performance at least one 
of the other objectives [86]. In the context of sustainabil-
ity assessments, Pareto curves serve to analyze systems 
under an integrated perspective, in which  CO2 emissions 
can be measured, while the algorithm maximizes the net 
profit [88]. Kern et al. [89] implemented the real options 
analysis (ROA) to combine economic and environmental 
performance along with MOO and stochastic modeling. 
Halog and Manik [90] presented an MCDA framework 

adopting a life cycle approach. The method included a 
stakeholder analysis and dynamic system modeling. A 
Pareto displays sustainability criteria, indicators, and hot-
spots through agent-based modeling, data envelopment 
analysis, and sustainability network theory. Optimiza-
tion approaches are strategic at the early design stages, 
where feedback-feedforward loops combined with TEA 
and LCA have shown successful results [88]. MCDA 
also deals with laboratory-scale designs using TEA and 
estimates environmental parameters, such as carbon 
footprint. LCA module gives the overall impact charac-
terization. Then, gathered data are combined through a 
decision-making framework [91]. Other optimization 
approaches have aggregated more process design mod-
ules combining analytical hierarchy process, TEA, LCA, 
and process integration [92]. The Economic Input–Out-
put Life-Cycle is a combined optimization framework 
based on mass and energy balance data [93]. The LCA 
uses matrix arrangements to represent inlet/output data 
and a scaling vector to scale the technology. The follow-
ing stages implicate economic evaluation, risk analysis, 
and process integration. Decision-making frameworks 
are relevant to support sustainability quantification. 
Detailed economic and environmental modeling and 
multiobjective optimization have shown promising out-
comes to assess biorefinery supply chains [94]. Some 
studies have used hybrid optimization and combined 
indicator approaches [94–96].

Environmental and economic variations and sensitivity 
approaches
Contributions focused on analyzing the linkages between 
economic and environmental objectives considering sen-
sitivity and uncertainty analyses have traditionally ana-
lyzed under separate perspectives. Lactic acid production 

Table 2 (continued)

Framework Method/approach Scope Key characteristics of proposed 
methods

Refs.

Life cycle sustainability assess-
ment

Partial Life cycle (gate-to-gate) Integrates environmental, eco-
nomic, and social sustainability
Sensitivity analysis evaluates 
overall performance for each 
sustainability dimension

[102]

Fuzzy and Monte Carlo optimiza-
tion

Partial Life cycle (gate-to-gate) Combines Fuzzy theory and 
Monte Carlo simulation
Employs a set of indicators to 
measure sustainability
Requires the assignation of 
weighting factors

[103]

1 Gauging reaction effectiveness for the environmental sustainability of chemistries with a multiobjective process evaluator
2 Sustainability weighted return on investment metric
3 The technique for order of preference by similarity to an ideal solution
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was assessed by TEA and LCA under uncertainties with 
Monte Carlo simulations and Latin hypercube sam-
pling. Sensitivities of the product selling price, carbon 
footprint, and energy consumption were obtained [97]. 
MCDA approaches were undoubtedly found to have the 
most in-depth understanding of the linkages between 
environmental and economic outcomes. The sensitiv-
ity of economic penalties of  CO2 reduction is of high 
interest for strategic planning and environmental policy 
[98]. Analyzing the linkages of TEA and LCA outcomes 
is critical at the supply chain level. Objective functions 
can deal with economic and environmental targets con-
strained by transportation, bioprocessing, upgrading, 
and others [99]. The Pareto displays the optimal solution 
space, quickly identifying the trade-offs between the two 
objectives. The evaluation of uncertainties and sensitivi-
ties combined with MCDA and MOO approaches might 
lead to more complicated methodologies. Analyzing 
environmental and economic outcomes through such 
approaches has involved combined indicators and non-
linear programming [100]. Ways of decreasing their com-
plexity include weighting optimization functions [101], 
evaluation several scenarios [102], and Monte Carlo 
simulations [103]. Graphical representations significantly 
help describe the bonds between the economic and envi-
ronmental results [77].

Challenges of integrating LCA and TEA 
for sustainability quantification
LCA studies on bio-based monomers, materials, or 
chemicals have seldom included all life cycle stages, e.g., 
final product usage, recycling, and waste disposal [52, 61, 
78]. Even though such evaluation simplifies their com-
plexity, such simplifications might lead to biased results 
and inaccurate conclusions, often due to burden-shift-
ing [107, 108]. Many studies have faced difficulties in 
expanding the TEA boundaries [77, 109], most linked 
with gate-to-gate approaches [110]. These assessments 
help inform stakeholders of bioprocessing level outcomes 
competing with the equivalent product(s). For systems 
with similar upstream data (e.g., same supply chain for a 
common feedstock), gate-to-gate assessments tend to be 
similar in scope to cradle-to-gate assessments. Full LCA 
is remarkably complex and challenging to be generalized 
into a computational-based formulation [111].

LCA and TEA harmonization and consistency issues
The integration of LCA and TEA requires harmoniza-
tion, considering raw data and the scope/goal assess-
ment phase [112]. This relates to the lack of consistency 
in defining criteria and methodological aspects for inte-
grating environmental and techno-economic aspects. A 
unique integrated solution cannot sufficiently serve all 

drivers and the technology’s R&D activities. Ögmundar-
son et  al. [78] explained that setting accurate (non-sub-
jective) values to monetization factors is a key challenge. 
Unexpected variations in these factors might appear 
for specific environmental indicators considering dif-
ferent macro- and microeconomic features. This condi-
tion leads to dealing with high uncertainty levels in the 
assigned values. In addition, the interpretation phase is 
not fully covered or analyzed in many contributions. How 
to communicate the results and their linkages remains 
challenging. Besides, the difficulty in applying TEA into a 
life cycle thinking implicates that this methodology does 
not follow a standard, as LCA does.

Methodology selection and integration approaches
Many of the reported integration efforts have included 
indicator-based methods [78, 82, 85] and optimization 
approaches [87, 113] based on sustainable design. Sus-
tainability embraces not only environmental and eco-
nomic dimensions, but also includes a societal dimension 
[114]. However, in most cases, the social sustainability 
performance has been entirely or partially dismissed in 
the integrated methodologies [115]. The quantification of 
the social impact performance of production systems is 
undoubtedly a challenging task [116], and more research 
is needed to overcome this limitation. Another essential 
aspect of developing and applying integrated sustainabil-
ity assessment is the selection of appropriate method-
ologies that guarantee the consistency of the combined 
assessment.

Azapagic et al. [117] emphasized the relevance of suita-
ble indicator selection on early stage process design if the 
combined evaluation must inform various stakeholders 
with contradictory interests. A variety of combined indi-
cators has been proposed to characterize impact catego-
ries per value-added. This approach aims to evaluate all 
life cycle stages, but they are still limited to gate-to-gate 
boundaries. Santoyo-Castelazo and Azapagic [118] intro-
duced a multi-objective decision-support framework 
under MCDA combined with indicator-based data col-
lection. The visualization of results is included by display-
ing indicator performances via spider diagrams [119]. A 
significant drawback of this approach is the difficulty of 
being comprehensible for a broad audience when the set 
of indicators is large, or the number of evaluated alterna-
tives is high.

The LCSA was presented by Finkbeiner et  al. [120], 
describing a comprehensive framework considering Life 
Cycle Costing (LCC), traditional LCA, and social assess-
ment. The LCSA presents a rational approach that com-
bines, reads, and transfers knowledge from different 
sustainability dimensions [102]. Similarly, to include the 
social dimension into the decision support, the Social 



Page 11 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144  

Life Cycle Assessment (SLCA) was introduced by Hoog-
martens et  al. [121]. The SLCA methodology assesses 
potential social effects of a product, process, or service in 
its life cycle [116]. The evaluated aspects include but are 
not limited to human rights, working conditions, health 
and safety, among others. Both LCSA and SLCA dis-
missed the relevance of considering the expectations of 
stakeholders as a decisive factor in the assessment focus-
ing more on LCA and LCC. In addition, these method-
ologies require additional data from other assessments. 
Recently, Hauschild et  al. [122] discussed the combina-
tion of risk assessment (for safety) and LCA (for sustain-
ability) in the context of safe and sustainable-by-design 
decisions to support the development of new technolo-
gies and products. Comprehensive methodologies are 
needed, since complex decisions might lead to practi-
tioners’ misunderstandings. This condition will persist if 
the system shows trade-offs for conflicting decisions. As 
mentioned, methodology selection is still challenging for 
practitioners; therefore, developing frameworks to sup-
port their selection becomes crucial.

Model representativeness and technology maturity
The optimization-based integration approaches are not 
exempt from challenges. Chen and Grossmann [123] 
explained that MCDA and MOO deal with Pareto-curves 
that display a set of optimal (non-inferior) scenarios over 
the solution space. Optimal decisions must be performed 
regularly, considering trade-offs between conflicting 
objectives [124]. Searching for non-inferior solutions in 
intrinsic nonconvex problems adds another level of dif-
ficulty. Dealing with these systems is still challenging, not 
exclusively associated with MOO or MCDA in quanti-
tative sustainability assessment but multiple fields [125, 
126]. As an alternative, multicriteria analysis studies 
have included analytical hierarchy process approaches to 
assign scores and rank criteria weights [127].

Traditionally, TEA has been used in R&D phases to 
provide feedback in loop-based procedures, technology 
maturity relates to data quality and associated uncertain-
ties during this assessment. In addition, LCA has been 
applied in technology development and as design sup-
port tool [128, 129], similarly as TEA. Thus, identifying 
TRLs of the examined technologies is incredibly advan-
tageous when determining what integration methodol-
ogy can be applied [19]. Not many studies have included 
the technology maturity concept, more associated with 
terms, such as ‘emerging’ [130] or ‘immature’ [77]. There 
are missing methods that characterize the R&D phases 
by a standardized system, such as the TRLs. This frame-
work is broadly accepted in the scientific community 
and widely used in the chemical industry and scientific 
platforms, such as the Horizon 2020 program [131]. New 

methods must integrate this conception to better assimi-
late the technical, economic, and environmental aspects 
that result in the early identification of SWOT. This 
would boost the progress of current methodologies (and 
overcome current limitations) to the next level, empha-
sizing the early optimization of production systems.

A case study to highlight trade‑offs and integration 
challenges in bio‑based production
Based on reviewing the inventories from research con-
tributions in the literature, we employed an illustrative 
case study to assess and show the trade-offs derived from 
assessing a product system at high and intermediate 
maturity levels. Bio-based succinic acid production was 
chosen, one of the most commercially relevant bio-based 
building blocks [132]. Figure  3 illustrates a general life 
cycle of a bio-based product with major interim stages 
and associated environmental and economic indicators. 
The detailed calculation used to generate this data set is 
described in the research data file. Different studies [133, 
134] have demonstrated that the biochemical pathways 
for producing succinic acid are more efficient and envi-
ronmentally friendly than their petrochemical counter-
parts [132].

A common functional unit (1  kg of succinic acid) 
defines the basis for assessing costs and environmen-
tal performance. A cradle-to-gate [135] boundary was 
considered to evaluate impacts over the supply chain. 
This is an appropriate constraint, since succinic acid 
is often used as a chemical intermediate for produc-
ing other goods in a long value chain. Data on succinic 
acid production were taken from the studies developed 
by Moussa et  al. [62] (High TRL) and Cok et  al. [133] 
(mid-TRL). More details and inventory data for High and 
intermediate TRL succinic production are found in the 
Mendeley research data in Meramo and Sukumara [136] 
and in the Additional file 1.

Background processes used in the LCA model are 
based on the Ecoinvent database. ReCiPe End-Point 2016 
methodology is used for impact characterization [137]. 
For the economic assessment, various public and com-
mercial sources were used for estimating feedstock [138], 
harvesting [138], transportation [139], and production 
[140] processes. The associated research data display a 
simplified process diagram of succinic acid production 
via ammonium sulfate. Sources of background data and 
the information mentioned above can be found in Mer-
amo and Sukumara [136].

Corn grain was selected as the primary raw mate-
rial. Depending on the regional biomass availability and 
planning logistics, biorefinery configuration can be cen-
tralized (preprocessing and production at one location) 
or distributed, with multiple preprocessing locations 
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feeding into a centralized facility. For simplicity, the case 
study assumes a centralized bioprocessing facility for suc-
cinic acid production. The location of the bioprocessing 
plant is assumed to be in Iowa (United States), consider-
ing the high volume of corn grain produced in this region 
and the presence of a cluster of ethanol production facili-
ties. The region has a matured supply chain supporting 
the bio-based production of chemicals. Transportation 
between feed source and biorefinery is about 32 miles 
[141]. A system expansion approach is implemented 
to deal with ammonium sulfate as a co-product rec-
ommended by ISO 14044 [142]. We assumed that all 
ammonium sulfate is sold as fertilizer (locally), being a 
substitute for its petrochemically synthesized equivalent. 
Since ammonium sulfate is well-established in the chemi-
cal market, the system expansion would not affect the 
current value chain for this substance. The following are 
the main assumptions for the case study:

• The geographical location of the succinic acid plant 
in Iowa, USA.

• Allocation of ammonium is handled using system 
expansion.

• The case study assumes a centralized bioprocessing 
facility for succinic acid production.

• The potential environmental impacts of packaging 
are not included.

• The biocatalyst [62] and nutrients used in the fer-
mentation are assumed to be negligible [133].

• Grid electricity production mix (medium voltage).

Figure  4 shows a heat map of economic and environ-
mental performance for the succinic acid production 
case study at different TRLs. The economic and envi-
ronmental performance present different bottlenecks. 
The bioprocessing stage is a major driver of the total 
cost, consistent with the efforts to minimize produc-
tion, purification, and utility management costs. Con-
versely, environmental hotspots hint toward the need to 
improve biomass production performance and succinic 
acid processing. In both mid- and high-TRL scenarios, 
transportation is not typically a significant driver of envi-
ronmental impacts, but most of the impacts come from 
other stages, such as agriculture or bioprocessing. This 
is consistent with previous findings that pointed out 
these stages to be major drivers of impacts [53, 143]. In 
the case of biomass production, land-use change plays 
a significant role to the impacts on water consumption 
and human toxicity, while the biorefinery stage is a major 
driver of impacts associated with climate change, fresh-
water eutrophication, and human toxicity. The allocation 
of ammonium sulfate was avoided by system expansion, 
and some environmental credits were granted to the pro-
cess. However, the results might change if one chooses to 
implement mass or economic allocation [144].

Fig. 3 Scheme of bio-based product life cycle stages, economic and environmental trade-offs, and reviewed studies
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Although the TRLs influence the performance, the 
relative hotspots prevail in both scenarios. Considering 
that, the assessment finds the optimization potential at 
low TRLs; therefore, recognizing a hotspot at an early 
TRL is recommended. For example, to reduce the rela-
tive impact of agriculture, one could consider assessing 
a different feedstock, keeping track of the impacts, and 
comparing the performance of proposed alternatives. A 
persistent challenge is the difficulty of performing com-
prehensive LCA studies of bio-based products. Very 
often, both the application and end-of-life cycle phases 
are dismissed. This is an expected outcome as the dis-
persed volumes (due to inter-regional trading), transfor-
mations, end-use, and disposal scenarios are challenging 
to be addressed, as encountered in the literature, where 
most contributions have focused on cradle-to-gate stud-
ies [4]. Further adding to the problem, the current cov-
erage of LCA inventories is more limited to upstream 
components and utilities, so performing cradle-to-grave 
or even cradle-to-cradle [145] studies can deliver bet-
ter sustainability performance insights. However, their 
implementation faces practical technical challenges in 
tracing and measuring complex formulations which are 
often not revealed and social challenges, such as tracing 
consumption of individuals in households, community or 
region [146, 147].

The challenges are not exclusive of life cycle considera-
tions. Other issues are related to the level of integration 
connected with technical aspects at the laboratory level. 
For example, in the early TRL stages, often fermentation 
media is spiked to reach high conversion rates. However, 
upscaling this formulation will typically overestimate 

economic and environmental impacts. Hence, it is not 
always straightforward to foresee potential impacts at 
early design phases, but its value is enormous. Accord-
ingly, as the TRL increases, the media components are 
progressively optimized for a commercially viable opera-
tion. Besides, conducting strain design, fermentation, and 
purification operations using pure sugars such as glucose 
is a prevailing practice. Cheaper and more environmen-
tally friendly alternatives need to be explored.

Ways forward to integrate TEA and LCA 
for bio‑based product innovation
Novel ways to address current limitations and success-
fully develop integrated LCA and TEA methodologies 
must include practitioners’ perspective, analyzing sus-
tainability from a life cycle thinking. The observed trends 
point out to invest some efforts in the following aspects.

Refined monetization factors
Currency and inflation are major factors that highly influ-
ence associated uncertainties in adjusting monetization 
values and involve money change over time [148]. The 
task involves analyzing such factors considering those 
variations and their influence in the normalization fac-
tors to better deal with the uncertainties. Geographical 
locations suggest trade-offs between universal moneti-
zation procedures and a regional dependence that might 
change the assessment outcomes. Getting more refined 
monetization factors is essential to following integration 
pathways based on combined TEA and LCA indicators.

Fig. 4 Heat map showing trade-offs between the economic and environmental performance of the succinic acid case study. The numbers in the 
boxes represent performance or credits (e.g., negatives in ammonium sulfate)
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Advanced stochastic models
As mentioned in the previous section, lack of data have 
hindered the appraisal of product use and end-of-life 
management stages of the entire life cycle. While gener-
ating data and corresponding inventory is tedious, oppor-
tunities exist for applying stochastic methods to address 
uncertainties. Recently, Markov chains were used for 
LCA to analyze clothes reuse in Nordic countries [149]. 
Scenarios for different uses and disposal methods were 
assessed. Most LCA studies compared various processing 
pathways with a similar application phase, including sto-
chastic modeling, which opens a broader way to explore 
more in cradle-to-grave domains. Variations in the end-
of-life cycle phase need to be assessed for each alterna-
tive. A cradle-to-grave boundary guarantees thoroughly 
assessing the environmental impacts of a commodity 
chemical within the whole life cycle [149]. The described 
outlook needs to apprehend the economic sustainabil-
ity dimension to integrate TEA and LCA successfully. In 
this regard, uncertainties are linked with market issues 
and the extended life cycle of bio-based products as an 
intermediate of other products. Special attention must be 
thought-out, over the linkages of economic and environ-
mental outcomes, for a more accurate assessment.

Inclusion of computer‑aided process design 
and optimization approaches
Assessing processes for sustainability impacts from the 
inception to support sustainable innovation in biotech-
nology is an essential step in R&D. It requires generating 
data for the low TRL processes, incorporating computer-
aided process design [150]. The optimal solution space is 
explored and bounded using multiobjective optimization 
algorithms to monitor the trade-offs between economic 
and environmental indicators. As a decision-making 
add-on, the optimization module can include a particu-
lar feature for a hierarchy-based definition of targets/
goals. These goals should come from stakeholders’ expec-
tations, the trends for a specific sector, or competitive 
markets.

Machine Learning in sustainability assessment
There is a need to explore more opportunities of using 
the TEA and LCA indicators to predict sustainability. 
An integrated model to convert sets of mass, energy, 
and monetary inputs into outputs in terms of economic 
(using TEA) and environmental performance (using 
LCA) facilitates further exploration with computational 
statistics. In a Machine Learning (ML) context, the input 
parameters could be categorized as features, which pre-
dict their significance to the sustainability scores. Such 

signals can be fed back to the R&D teams to tune the 
parameters to optimize the impacts of bioprocess tech-
nology, further taking this to the next level. A few cases 
of such integration have started to appear [151]; never-
theless, its full potential in guiding bioprocess optimiza-
tion is yet to be explored.

Conclusions
It is acknowledged that transitioning toward a global 
sustainable development involves bio-based products 
with a better environmental and economic perfor-
mance. Quantitative assessments at early design phases 
can accelerate the development of bio-based products 
and guide R&D phases to develop systems directed by 
maximizing economic and environmental sustainabil-
ity. Efforts to consistently combine TEA and LCA are 
described to support decision-making for the R&D 
stages of bio-based production processes. It is observed 
that comprehensive, integrated assessments are not 
usually performed during R&D phases. Perform-
ing integrated sustainability assessments would assist 
stakeholders in foreseeing future product performance 
in meeting renewable and resource conservation prin-
ciples and sustainable development goals (SDGs).

Increasing awareness of including sustainability indi-
cators to boost innovation in biotechnology is aligned 
with global SDGs and moving toward a bioeconomy. 
In this sense, features of economic and environmental 
assessments concerning the TRLs, freedom of design, 
and uncertainty in data must be considered, as illus-
trated in Fig.  2. The absence of sustainability assess-
ments at early design stages is noteworthy, highlighting 
the opportunities of performing combined LCA and 
TEA for bio-based products. Although some efforts have 
been initiated to integrate LCA and TEA, there is con-
siderable space for science-based methods to accomplish 
this purpose. In the future, coupling the quantitative 
sustainability approaches with emerging data-driven 
learning offers considerable potential to give insights to 
the R&D process, consequently improving the product’s 
sustainability performance and enhancing the use of 
renewable resources. In addition, such novel methodo-
logical integration could be extended further to address 
the uncertainties pertaining to data, negating the lack of 
information in the bio-based product life cycle.

Abbreviations
TEA: Techno-economic Assessment; LCA: Life Cycle Assessment; E/MSY: 
Extinctions per million species-years; TRLs: Technology Readiness Levels; 
SWOT: Strengths, Weaknesses, Opportunities, and Threats; R&D: Research 
and Development; GHG: Greenhouse gas; MCDA: Multicriteria decision 
analysis; MOO: Multiobjective optimization; KPI: Key Performance Indicators; 
GREENSCOPE: The Gauging Reaction Effectiveness for the Environmental 
Sustainability of Chemistries with a Multiobjective Process Evaluator; ROA: Real 



Page 15 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144  

Options Analysis; ROI: Return on Investment; TOPSIS: The technique for order 
of preference by similarity to an ideal solution; LCSA: Life Cycle Sustainability 
Assessment; LCC: Life Cycle Costing; SLCA: Social Life Cycle Assessment; ML: 
Machine Learning.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s13068- 022- 02239-2.

Additional file 1: Table S1. Inventory data for succinic acid at high 
and mid TRL’s. Table S2. Sources of background data for the case study. 
Table S3. Damage assessment results for end-point categories. Table S4. 
Normalized damage assessment results for end-point categories. 
Table S5. Economic impact at various stages of high and mid TRL process 
for producing bio-based succinic acid. Figure S1. Simplified process 
diagram of succinic acid production via ammonium sulfate. Figure S2. 
Damage assessment results. Figure S3. Normalized damage assessment 
results.

Acknowledgements
We are thankful for the financial support from the Novo Nordisk Foundation. 
This work was supported by the ‘Safe, and Efficient Chemistry by Design 
(SafeChem)’ project funded by the Swedish Foundation for Strategic Environ-
mental Research (Grant no. DIA 2018/11).

Author contributions
SM drafted the manuscript. PF and SS helped with the outline of the review 
and goal definition. PF and SS coordinated and supervised the project. SS and 
PF revised the draft version of the manuscript. All authors read and approved 
the final manuscript.

Funding
This work was supported by the Novo Nordisk Foundation [NNF Grant 
number: NNF20CC0035580] and the ‘Safe and Efficient Chemistry by Design 
(SafeChem)’ project funded by the Swedish Foundation for Strategic Environ-
mental Research [Grant no. DIA 2018/11].

Availability of data and materials
Data for environmental and economic impacts of bio-based production of 
succinic acid are openly available in [Mendeley data] at [https:// doi. org/ 10. 
17632/ x7fvw 5ds5v.1]. These data are also available in the Additional file 1.

Declarations

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1 The Novo Nordisk Foundation Center for Biosustainability, Technical Univer-
sity of Denmark, Kemitorvet 220, 2800 Kgs. Lyngby, Denmark. 2 Quantitative 
Sustainability Assessment, Department of Environmental and Resource Engi-
neering, Technical University of Denmark, Produktionstorvet 424, 2800 Kgs. 
Lyngby, Denmark. 

Received: 17 February 2022   Accepted: 8 December 2022

References
 1. Lokko Y, Heijde M, Schebesta K, et al. Biotechnology and the bioec-

onomy—towards inclusive and sustainable industrial development. N 
Biotechnol. 2018;40:5–10.

 2. Vieira H, Leal MC, Calado R. Fifty shades of blue: how blue biotechnol-
ogy is shaping the bioeconomy. Trends Biotechnol. 2020;38:940–3.

 3. Fröhling M, Hiete M. Sustainability and life cycle assessment in indus-
trial biotechnology. 2020.

 4. Escobar N, Laibach N. Sustainability check for bio-based technologies: 
a review of process-based and life cycle approaches. Renew Sustain 
Energy Rev. 2021;135:110213.

 5. De Jong E, Stichnothe H, Bell G, et al. Bio-based chemicals: a 2020 
update. IEA Bioenergy Task 42 Biorefinery 2020:1–79.

 6. Biddy MJ, Scarlata CJ, Kinchin CM. Chemicals from biomass: a market 
assessment of bioproducts with near-term potential. 2016. https:// 
doi. org/ 10. 2172/ 12443 12.

 7. Dahiya S, Katakojwala R, Ramakrishna S, et al. Biobased products 
and life cycle assessment in the context of circular economy and 
sustainability. Mater Circ Econ. 2020;2:7. https:// doi. org/ 10. 1007/ 
s42824- 020- 00007-x.

 8. Straathof AJJ. Transformation of biomass into commodity chemicals 
using enzymes or cells. Chem Rev. 2014;114:1871–908.

 9. Takkellapati S, Li T, Gonzalez MA. An overview of biorefinery-derived 
platform chemicals from a cellulose and hemicellulose biorefinery. 
Clean Technol Environ Policy. 2018;20:1615–30.

 10. Huccetogullari D, Luo ZW, Lee SY. Metabolic engineering of micro-
organisms for production of aromatic compounds. Microb Cell Fact. 
2019;18:1–29.

 11. Budsberg E, Crawford JT, Morgan H, et al. Hydrocarbon bio-jet fuel 
from bioconversion of poplar biomass: life cycle assessment. Biotech-
nol Biofuels. 2016;9:1–13.

 12. Persson L, Carney Almroth BM, Collins CD, et al. Outside the safe 
operating space of the planetary boundary for novel entities. Environ 
Sci Technol. 2022;56:1510–21.

 13. Galán-Martín Á, Tulus V, Díaz I, et al. Sustainability footprints of a 
renewable carbon transition for the petrochemical sector within 
planetary boundaries. One Earth. 2021;4:565–83.

 14. Ryberg MW, Owsianiak M, Clavreul J, et al. How to bring absolute 
sustainability into decision-making: an industry case study using 
a Planetary Boundary-based methodology. Sci Total Environ. 
2018;634:1406–16.

 15. Brandão AS, Gonçalves A, Santos JMRCA. Circular bioeconomy 
strategies: From scientific research to commercially viable products. J 
Clean Prod. 2021;295:126407. https:// doi. org/ 10. 1016/j. jclep ro. 2021. 
126407.

 16. Stewart JJ, Allison PN, Johnson RS. Putting a price on biotechnol-
ogy many bioentrepreneurs incorrectly estimate the value of their 
technology by failing to account. Nat Biotechnol. 2001;19:813–7.

 17. Naeini MA, Zandieh M, Najafi SE, et al. Analyzing the development 
of the third-generation biodiesel production from microalgae by 
a novel hybrid decision-making method: the case of Iran. Energy. 
2020;195:116895. https:// doi. org/ 10. 1016/j. energy. 2020. 116895.

 18. Zheng J, Zhou X, Yu Y, et al. Low carbon, high efficiency and sustain-
able production of traditional manufacturing methods through pro-
cess design strategy: Improvement process for sand casting defects. 
J Clean Prod. 2020;253:119917.

 19. Buchner GA, Zimmermann AW, Hohgräve AE, et al. Techno-economic 
assessment framework for the chemical industry—based on technol-
ogy readiness levels. Ind Eng Chem Res. 2018;57:8502–17.

 20. Humbird D. Expanded technology readiness level (TRL) definitions 
for the bioeconomy. October 1, 2018. 2018:1–7.

 21. de Lorenzo V, Couto J. The important versus the exciting: reining 
contradictions in contemporary biotechnology. Microb Biotechnol. 
2019;12:32–4.

 22. Linton JD, Xu W. Understanding and managing the biotechnology 
valley of death. Trends Biotechnol. 2021;39:107–10.

 23. Sales JCS, Santos AG, de Castro AM, et al. A critical view on the tech-
nology readiness level (TRL) of microbial plastics biodegradation. 
World J Microbiol Biotechnol. 2021;37:1–15.

 24. Dutta K, Daverey A, Lin JG. Evolution retrospective for alternative 
fuels: first to fourth generation. Renew Energy. 2014;69:114–22.

https://doi.org/10.1186/s13068-022-02239-2
https://doi.org/10.1186/s13068-022-02239-2
https://doi.org/10.17632/x7fvw5ds5v.1
https://doi.org/10.17632/x7fvw5ds5v.1
https://doi.org/10.2172/1244312
https://doi.org/10.2172/1244312
https://doi.org/10.1007/s42824-020-00007-x
https://doi.org/10.1007/s42824-020-00007-x
https://doi.org/10.1016/j.jclepro.2021.126407
https://doi.org/10.1016/j.jclepro.2021.126407
https://doi.org/10.1016/j.energy.2020.116895


Page 16 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144 

 25. Chinthapalli R, Skoczinski P, Carus M, et al. Biobased building blocks 
and polymers—global capacities, production and trends, 2018–2023. 
Ind Biotechnol. 2019;15:237–41.

 26. Zhao X, Liu D. Multi-products co-production improves the economic 
feasibility of cellulosic ethanol: a case of formiline pretreatment-
based biorefining. Appl Energy. 2019;250:229–44.

 27. Lu J, Liu Z, Zhang Y, et al. Improved production and quality of 
biocrude oil from low-lipid high-ash macroalgae Enteromorpha pro-
lifera via addition of crude glycerol. J Clean Prod. 2017;142:749–57.

 28. Li H, Wang M, Wang X, et al. Biogas liquid digestate grown Chlorella 
sp. for biocrude oil production via hydrothermal liquefaction. Sci Total 
Environ. 2018;635:70–7.

 29. Agegnehu G, Srivastava AK, Bird MI. The role of biochar and biochar-
compost in improving soil quality and crop performance: a review. 
Appl Soil Ecol. 2017;119:156–70.

 30. E4tech, RE-CORD, WUR. From the sugar platform to biofuels and bio-
chemicals. 2015. https:// ec. europa. eu/ energy/ sites/ ener/ files/ docum 
ents/ EC_ Sugar_ Platf orm_ final_ report. pdf.

 31. Meramo-Hurtado SI, González-Delgado ÁD. Process synthesis, analysis, 
and optimization methodologies toward chemical process sustainabil-
ity. Ind Eng Chem Res. 2021;60:4193–217.

 32. Galbe M, Wallberg O. Pretreatment for biorefineries: a review of 
common methods for efficient utilisation of lignocellulosic materials. 
Biotechnol Biofuels. 2019;12:1–26.

 33. Vega GC, Voogt J, Sohn J, et al. Assessing new biotechnologies by 
combining TEA and TM-LCA for an efficient use of biomass resources. 
Sustain. 2020;12:3676. https:// doi. org/ 10. 3390/ su120 93676.

 34. Mahmud R, Moni SM, High K, et al. Integration of techno-economic 
analysis and life cycle assessment for sustainable process design—a 
review. J Clean Prod. 2021;317:128247.

 35. Munagala M, Shastri Y, Nalawade K, et al. Life cycle and economic 
assessment of sugarcane bagasse valorization to lactic acid. Waste 
Manag. 2021;126:52–64.

 36. Sorunmu Y, Billen P, Spatari S. A review of thermochemical upgrading of 
pyrolysis bio-oil: techno-economic analysis, life cycle assessment, and 
technology readiness. GCB Bioenergy. 2020;12:4–18.

 37. Byun J, Han J. Sustainable development of biorefineries: Integrated 
assessment method for co-production pathways. Energy Environ Sci. 
2020;13:2233–42.

 38. Do TX, Lim YL, Yeo H. Techno-economic analysis of biooil produc-
tion process from palm empty fruit bunches. Energy Convers Manag. 
2014;80:525–34.

 39. Scown CD, Baral NR, Yang M, et al. Technoeconomic analysis for biofuels 
and bioproducts. Curr Opin Biotechnol. 2021;67:58–64.

 40. Vural Gursel I, Dijkstra JW, Huijgen WJJ, et al. Techno-economic compar-
ative assessment of novel lignin depolymerization routes to bio-based 
aromatics. Biofuels, Bioprod Biorefin. 2019;13:1068–84.

 41. Tannous S, Manneh R, Harajli H, et al. Comparative cradle-to-grave life 
cycle assessment of traditional grid-connected and solar stand-alone 
street light systems: a case study for rural areas in Lebanon. J Clean 
Prod. 2018;186:963–77.

 42. Wu W, Lei YC, Chang JS. Life cycle assessment of upgraded microalgae-
to-biofuel chains. Bioresour Technol. 2019;288:121492. https:// doi. org/ 
10. 1016/j. biort ech. 2019. 121492.

 43. Sarkar O, Katakojwala R, Venkata MS. Low carbon hydrogen production 
from a waste-based biorefinery system and environmental sustainabil-
ity assessment. Green Chem. 2021;23:561–74.

 44. Kopsahelis A, Kourmentza C, Zafiri C, et al. Gate-to-gate life cycle assess-
ment of biosurfactants and bioplasticizers production via biotechno-
logical exploitation of fats and waste oils. J Chem Technol Biotechnol. 
2018;93:2833–41.

 45. Leceta I, Guerrero P, Cabezudo S, et al. Environmental assessment of 
chitosan-based films. J Clean Prod. 2013;41:312–8.

 46. Mahmud N, Rosentrater KA. Life-cycle assessment (LCA) of different 
pretreatment and product separation technologies for butanol bio-
processing from oil palm frond. Energies. 2019;13:155. https:// doi. org/ 
10. 3390/ en130 10155.

 47. Rajendran K, Murthy GS. How does technology pathway choice influ-
ence economic viability and environmental impacts of lignocellulosic 
biorefineries? Biotechnol Biofuels. 2017;10:1–19.

 48. Mandegari M, Farzad S, Görgens JF. A new insight into sugarcane biore-
fineries with fossil fuel co-combustion: techno-economic analysis and 
life cycle assessment. Energy Convers Manag. 2018;165:76–91.

 49. Gholkar P, Shastri Y, Tanksale A. Renewable hydrogen and methane pro-
duction from microalgae: a techno-economic and life cycle assessment 
study. J Clean Prod. 2021;279:123726.

 50. Cucurachi S, Van Der Giesen C, Guinée J. Ex-ante LCA of emerging 
technologies. Procedia CIRP. 2018;69:463–8.

 51. Ebrahimi-Moghadam A, Moghadam AJ, Farzaneh-Gord M. Compre-
hensive techno-economic and environmental sensitivity analysis and 
multi-objective optimization of a novel heat and power system for 
natural gas city gate stations. J Clean Prod. 2020;262:121261.

 52. Budsberg E, Morales-Vera R, Crawford JT, et al. Production routes to bio-
acetic acid: life cycle assessment. Biotechnol Biofuels. 2020;13:1–15.

 53. Ögmundarson Ó, Sukumara S, Laurent A, et al. Environmental hotspots 
of lactic acid production systems. GCB Bioenergy. 2020;12:19–38.

 54. Urban RA, Bakshi BR. 1,3-Propanediol from fossils versus biomass: a life 
cycle evaluation of emissions and ecological resources. Ind Eng Chem 
Res. 2009;48:8068–82.

 55. De Bari I, Giuliano A, Petrone MT, et al. From cardoon lignocellulosic bio-
mass to bio-1,4 butanediol: an integrated biorefinery model. Processes. 
2020;8:1–18.

 56. Forte A, Zucaro A, Basosi R, et al. LCA of 1,4-butanediol produced via 
direct fermentation of sugars from wheat straw feedstock within a ter-
ritorial biorefinery. Materials (Basel). 2016;9:1–22.

 57. Alonso-Fariñas B, Gallego-Schmid A, Haro P, et al. Environmental assess-
ment of thermo-chemical processes for bio-ethylene production in 
comparison with bio-chemical and fossil-based ethylene. J Clean Prod. 
2018;202:817–29.

 58. Nachtergaele P, De Meester S, Dewulf J. Environmental sustainability 
assessment of renewables-based propylene glycol at full industrial 
scale production. J Chem Technol Biotechnol. 2019;94:1808–15.

 59. Zhao Z, Jiang J, Zheng M, et al. Advancing development of biochemi-
cals through the comprehensive evaluation of bio-ethylene glycol. 
Chem Eng J. 2021;411: 128516.

 60. Thompson MA, Mohajeri A, Mirkouei A. Comparison of pyrolysis and 
hydrolysis processes for furfural production from sugar beet pulp: a 
case study in southern Idaho, USA. J Clean Prod. 2021;311:127695.

 61. Moreno J, Iglesias J, Blanco J, et al. Life-cycle sustainability of biomass-
derived sorbitol: proposing technological alternatives for improving the 
environmental profile of a bio-refinery platform molecule. J Clean Prod. 
2020;250:119568. https:// doi. org/ 10. 1016/j. jclep ro. 2019. 119568.

 62. Moussa HI, Elkamel A, Young SB. Assessing energy performance 
of bio-based succinic acid production using LCA. J Clean Prod. 
2016;139:761–9.

 63. Isoni V, Kumbang D, Sharratt PN, et al. Biomass to levulinic acid: a 
techno-economic analysis and sustainability of biorefinery processes in 
Southeast Asia. J Environ Manage. 2018;214:267–75.

 64. Adom F, Dunn J. Life cycle analysis of corn- stover- derived polymer-
grade l-lactic acid and ethyl lactate: greenhouse gas emissions and 
fossil energy consumption. Biofuels, Bioprod Biorefin. 2016;11:258–68.

 65. Câmara-Salim I, González-García S, Feijoo G, et al. Screening the 
environmental sustainability of microbial production of butyric 
acid produced from lignocellulosic waste streams. Ind Crops Prod. 
2021;162:113280. https:// doi. org/ 10. 1016/j. indcr op. 2021. 113280.

 66. Rauch S, Piepenbreier F, Voss D, et al. LCA in process development: 
case study of the OxFA-process. In: Herrmann C, Kara S, editors., et al., 
Progress in Life Cycle Assessment. Cham: Springer; 2019. p. 105–13.

 67. Lam CM, Yu IKM, Hsu SC, et al. Life-cycle assessment on food waste 
valorisation to value-added products. J Clean Prod. 2018;199:840–8.

 68. Bello S, Salim I, Méndez-Trelles P, et al. Environmental sustainability 
assessment of HMF and FDCA production from lignocellulosic biomass 
through life cycle assessment (LCA). Holzforschung. 2019;73:105–15.

 69. Aryapratama R, Janssen M. Prospective life cycle assessment of 
bio-based adipic acid production from forest residues. J Clean Prod. 
2017;164:434–43.

 70. Michailos S, Parker D, Webb C. A multicriteria comparison of utilizing 
sugar cane bagasse for methanol to gasoline and butanol production. 
Biomass Bioenerg. 2016;95:436–48.

 71. Santibañez-Aguilar JE, González-Campos JB, Ponce-Ortega 
JM, et al. Optimal planning of a biomass conversion system 

https://ec.europa.eu/energy/sites/ener/files/documents/EC_Sugar_Platform_final_report.pdf
https://ec.europa.eu/energy/sites/ener/files/documents/EC_Sugar_Platform_final_report.pdf
https://doi.org/10.3390/su12093676
https://doi.org/10.1016/j.biortech.2019.121492
https://doi.org/10.1016/j.biortech.2019.121492
https://doi.org/10.3390/en13010155
https://doi.org/10.3390/en13010155
https://doi.org/10.1016/j.jclepro.2019.119568
https://doi.org/10.1016/j.indcrop.2021.113280


Page 17 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144  

considering economic and environmental aspects. Ind Eng Chem Res. 
2011;50:8558–70.

 72. Chin HH, Foo DCY, Lam HL. Simultaneous water and energy integra-
tion with isothermal and non-isothermal mixing–a P-graph approach. 
Resour Conserv Recycl. 2019;149:687–713.

 73. Costa CBB, Potrich E, Cruz AJG. Multiobjective optimization of a sugar-
cane biorefinery involving process and environmental aspects. Renew 
Energy. 2016;96:1142–52.

 74. Bonatsos N, Marazioti C, Moutousidi E, et al. Techno-economic analysis 
and life cycle assessment of heterotrophic yeast-derived single cell oil 
production process. Fuel. 2020;264:116839.

 75. Wu N, Lan K, Yao Y. An integrated techno-economic and environmental 
assessment for carbon capture in hydrogen production by biomass 
gasification. Resour Conserv Recycl. 2022;188:106693. https:// doi. org/ 
10. 1016/j. resco nrec. 2022. 106693.

 76. Ahmadi L, Kannangara M, Bensebaa F. Cost-effectiveness of small scale 
biomass supply chain and bioenergy production systems in carbon 
credit markets: a life cycle perspective. Sustain Energy Technol Assess. 
2020;37:100627.

 77. Wunderlich J, Armstrong K, Buchner GA, et al. Integration of techno-
economic and life cycle assessment: defining and applying integra-
tion types for chemical technology development. J Clean Prod. 
2021;287:125021. https:// doi. org/ 10. 1016/j. jclep ro. 2020. 125021.

 78. Ögmundarson Ó, Sukumara S, Herrgård MJ, et al. Combining environ-
mental and economic performance for bioprocess optimization. Trends 
Biotechnol. 2020;38:1203–14.

 79. Thomassen G, Van Dael M, Van Passel S. The potential of microalgae 
biorefineries in Belgium and India: an environmental techno-economic 
assessment. Bioresour Technol. 2018;267:271–80.

 80. Verma A, Olateju B, Kumar A. Greenhouse gas abatement costs of 
hydrogen production from underground coal gasification. Energy. 
2015;85:556–68.

 81. Sikdar SK, Sengupta D, Harten P. More on aggregating multiple indica-
tors into a single index for sustainability analyses. Clean Technol Environ 
Policy. 2012;14:765–73.

 82. Ruiz-Mercado GJ, Smith RL, Gonzalez MA. Sustainability indicators for 
chemical processes: I. Taxonomy. Ind Eng Chem Res. 2012;51:2309–28.

 83. El-Halwagi MM. A return on investment metric for incorporating 
sustainability in process integration and improvement projects. Clean 
Technol Environ Policy. 2017;19:611–7.

 84. Guillen-Cuevas K, Ortiz-Espinoza AP, Ozinan E, et al. Incorporation of 
safety and sustainability in conceptual design via a return on invest-
ment metric. ACS Sustain Chem Eng. 2018;6:1411–6.

 85. Meramo-Hurtado SI, González-Delgado ÁD. Aggregate/weighted 
global sustainability and exergy metric for assessing emerging transfor-
mation technologies. ACS Sustain Chem Eng. 2020;8:16637–46.

 86. García-Casas M, Gálvez-Martos JL, Dufour J. Environmental and eco-
nomic multi-objective optimisation of synthetic fuels production via an 
integrated methodology based on process simulation. Comput Chem 
Eng. 2022;157:107624. https:// doi. org/ 10. 1016/j. compc hemeng. 2021. 
107624.

 87. Wang B, Gebreslassie BH, You F. Sustainable design and synthesis of 
hydrocarbon biorefinery via gasification pathway: integrated life cycle 
assessment and technoeconomic analysis with multiobjective super-
structure optimization. Comput Chem Eng. 2013;52:55–76.

 88. AlNouss A, McKay G, Al-Ansari T. A techno-economic-environmental 
study evaluating the potential of oxygen-steam biomass gasification 
for the generation of value-added products. Energy Convers Manag. 
2019;196:664–76.

 89. Kern JD, Hise AM, Characklis GW, et al. Using life cycle assessment 
and techno-economic analysis in a real options framework to inform 
the design of algal biofuel production facilities. Bioresour Technol. 
2017;225:418–28.

 90. Halog A, Manik Y. Advancing integrated systems modelling framework 
for life cycle sustainability assessment. Sustainability. 2011;3:469–99.

 91. Croxatto Vega G, Sohn J, Voogt J, et al. Insights from combining 
techno-economic and life cycle assessment—a case study of poly-
phenol extraction from red wine pomace. Resour Conserv Recycl. 
2021;167:1–10.

 92. Ong MS, Chang MY, Foong MJ, et al. An integrated approach for 
sustainability assessment with hybrid AHP-LCA-PI techniques for 

chitosan-based TiO2 nanotubes production. Sustain Prod Consum. 
2020;21:170–81.

 93. Carnegie Mellon University. CMU—Economic Input-Output Life Cycle 
Assessment. 2018. http:// www. eiolca. net/. Accessed 15 July 2021.

 94. Gargalo CL, Carvalho A, Gernaey KV, et al. Optimal design and planning 
of glycerol-based biorefinery supply chains under uncertainty. Ind Eng 
Chem Res. 2017;56:11870–93.

 95. Moreno-Sader K, Jain P, Tenorio LCB, et al. Integrated approach of safety, 
sustainability, reliability, and resilience analysis via a return on invest-
ment metric. ACS Sustain Chem Eng. 2019;7:19522–36.

 96. Tock L, Maréchal F, Perrenoud M. Thermo-environomic evaluation of 
the ammonia production. Can J Chem Eng. 2015;93:356–62.

 97. Li Y, Bhagwat SS, Cortés-Penã YR, et al. Sustainable lactic acid 
production from lignocellulosic biomass. ACS Sustain Chem Eng. 
2021;9:1341–51.

 98. Tang Y, You F. Multicriteria environmental and economic analysis of 
municipal solid waste incineration power plant with carbon capture 
and separation from the life-cycle perspective. ACS Sustain Chem Eng. 
2018;6:937–56.

 99. Zhao N, Lehmann J, You F. Poultry waste valorization via pyrolysis 
technologies: economic and environmental life cycle optimization for 
sustainable bioenergy systems. ACS Sustain Chem Eng. 2020;8:4633–46.

 100. Lu HR, El Hanandeh A. Life cycle perspective of bio-oil and biochar 
production from hardwood biomass; what is the optimum mix and 
what to do with it? J Clean Prod. 2019;212:173–89.

 101. Gan X, Fernandez IC, Guo J, et al. When to use what: methods for 
weighting and aggregating sustainability indicators. Ecol Indic. 
2017;81:491–502.

 102. Valente C, Møller H, Johnsen FM, et al. Life cycle sustainability assess-
ment of a novel slaughter concept. J Clean Prod. 2020;272:122651.

 103. Pask F, Lake P, Yang A, et al. Sustainability indicators for industrial ovens 
and assessment using Fuzzy set theory and Monte Carlo simulation. J 
Clean Prod. 2017;140:1217–25.

 104. Telsnig T, Tomaschek J, Doruk E, et al. Assessment of selected CCS tech-
nologies in electricity and synthetic fuel production for CO2 mitigation 
in South Africa. Energy Policy. 2013;63:168–80.

 105. Parra D, Zhang X, Bauer C, et al. An integrated techno-economic and 
life cycle environmental assessment of power-to-gas systems. Appl 
Energy. 2017;193:440–54.

 106. Man Y, Yang S, Xiang D, et al. Environmental impact and techno-
economic analysis of the coal gasification process with/without CO2 
capture. J Clean Prod. 2014;71:59–66.

 107. Ögmundarson Ó, Herrgård MJ, Forster J, et al. Addressing environmen-
tal sustainability of biochemicals. Nat Sustain. 2020;3:167–74.

 108. Fantke P, Illner N. Goods that are good enough: Introducing an absolute 
sustainability perspective for managing chemicals in consumer prod-
ucts. Curr Opin Green Sustain Chem. 2019;15:91–7. https:// doi. org/ 10. 
1016/j. cogsc. 2018. 12. 001.

 109. Chauvy R, Dubois L. Life cycle and techno-economic assessments of 
direct air capture processes: an integrated review. Int J Energy Res. 
2022;46:10320–44.

 110. Mirkouei A, Haapala KR, Sessions J, et al. A review and future direc-
tions in techno-economic modeling and optimization of upstream 
forest biomass to bio-oil supply chains. Renew Sustain Energy Rev. 
2017;67:15–35.

 111. Mukherjee R, Sengupta D, Sikdar SK. Sustainability in the context of 
process engineering. Clean Technol Environ Policy. 2015;17:833–40.

 112. Cruce JR, Beattie A, Chen P, et al. Driving toward sustainable algal fuels: 
a harmonization of techno-economic and life cycle assessments. Algal 
Res. 2021;54:102169.

 113. Wu W, Chang JS. Integrated algal biorefineries from process systems 
engineering aspects: a review. Bioresour Technol. 2019;291:121939. 
https:// doi. org/ 10. 1016/j. biort ech. 2019. 121939.

 114. Meramo-Hurtado S-I, González-Delgado Á-D. Biorefinery synthesis and 
design using sustainability parameters and hierarchical/3D multi-objec-
tive optimization. J Clean Prod. 2019;240:118134.

 115. Thomassen G, Van Dael M, Van Passel S, et al. How to assess the 
potential of emerging green technologies? Towards a prospective 
environmental and techno-economic assessment framework. Green 
Chem. 2019;21:4868–86.

https://doi.org/10.1016/j.resconrec.2022.106693
https://doi.org/10.1016/j.resconrec.2022.106693
https://doi.org/10.1016/j.jclepro.2020.125021
https://doi.org/10.1016/j.compchemeng.2021.107624
https://doi.org/10.1016/j.compchemeng.2021.107624
http://www.eiolca.net/
https://doi.org/10.1016/j.cogsc.2018.12.001
https://doi.org/10.1016/j.cogsc.2018.12.001
https://doi.org/10.1016/j.biortech.2019.121939


Page 18 of 18Meramo et al. Biotechnology for Biofuels and Bioproducts          (2022) 15:144 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 116. Solarte-Toro JC, Ortiz-Sanchez M, Cardona Alzate CA. Environmental life 
cycle assessment (E-LCA) and social impact assessment (SIA) of small-
scale biorefineries implemented in rural zones: the avocado (Persea 
Americana var. Americana) case in Colombia. Environ Sci Pollut Res. 
2022. https:// doi. org/ 10. 1007/ s11356- 022- 20857-z.

 117. Azapagic A, Millington A, Collett A. A methodology for integrating 
sustainability considerations into process design. Chem Eng Res Des. 
2006;84:439–52.

 118. Santoyo-Castelazo E, Azapagic A. Sustainability assessment of energy 
systems: integrating environmental, economic and social aspects. J 
Clean Prod. 2014;80:119–38.

 119. Ruiz-Mercado GJ, Carvalho A, Cabezas H. Using green chemistry and 
engineering principles to design, assess, and retrofit chemical pro-
cesses for sustainability. ACS Sustain Chem Eng. 2016;4:6208–21.

 120. Finkbeiner M, Schau EM, Lehmann A, et al. Towards life cycle sustain-
ability assessment. Sustainability. 2010;2:3309–22.

 121. Hoogmartens R, Van Passel S, Van Acker K, et al. Bridging the gap 
between LCA, LCC and CBA as sustainability assessment tools. Environ 
Impact Assess Rev. 2014;48:27–33.

 122. Hauschild MZ, McKone TE, Arnbjerg-Nielsen K, et al. Risk and sustain-
ability: trade-offs and synergies for robust decision making. Environ Sci 
Eur. 2022;34:11. https:// doi. org/ 10. 1186/ s12302- 021- 00587-8.

 123. Chen Q, Grossmann IE. Recent developments and challenges in 
optimization-based process synthesis. Annu Rev Chem Biomol 
Eng. 2017;8:249–83. https:// doi. org/ 10. 1146/ annur ev- chemb 
ioeng- 080615- 033546.

 124. Azapagic A, Clift R. The application of life cycle assessment to process 
optimisation. Comput Chem Eng. 1999;23:1509–26.

 125. Grossmann IE, Apap RM, Calfa BA, et al. Mathematical program-
ming techniques for optimization under uncertainty and their 
application in process systems engineering. Theor Found Chem Eng. 
2017;51:893–909.

 126. El-Halwagi AM, Rosas C, Ponce-Ortega JM, et al. Multiobjective optimi-
zation of biorefineries with economic and safety objectives. AIChE J. 
2013;59:2427–34.

 127. Ceballos B, Lamata MT, Pelta DA. A comparative analysis of multi-criteria 
decision-making methods. Prog Artif Intell. 2016;5:315–22.

 128. Hesser F, Wohner B, Meints T, et al. Integration of LCA in R&D by apply-
ing the concept of payback period: case study of a modified multilayer 
wood parquet. Int J Life Cycle Assess. 2017;22:307–16.

 129. Sandin G, Clancy G, Heimersson S, et al. Making the most of 
LCA in technical inter-organisational R&D projects. J Clean Prod. 
2014;70:97–104.

 130. Moni SM, Mahmud R, High K, et al. Life cycle assessment of emerging 
technologies: a review. J Ind Ecol. 2020;24:52–63.

 131. European Commission. Technology Readiness Levels (TRL). Horiz 
2020—Work Program 2014–2015 Gen Annex Extr from Part 19—Comm 
Decis C. 2014; 1.

 132. Dickson R, Mancini E, Garg N, et al. Sustainable bio-succinic acid pro-
duction: superstructure optimization, techno-economic, and lifecycle 
assessment. Energy Environ Sci. 2021;14:3542–58.

 133. Cok B, Tsiropoulos I, Roes A, et al. Succinic acid production derived from 
carbohydrates: an energy and greenhouse gas assessment of a plat-
form chemical toward a bio-based economy. Biofuels, Bioprod Biorefin. 
2014;8:16–29.

 134. Giuliano A, Cerulli R, Poletto M, et al. Process pathways optimization for 
a lignocellulosic biorefinery producing levulinic acid, succinic acid, and 
ethanol. Ind Eng Chem Res. 2016;55:10699–717.

 135. Arias A, González-García S, González-Rodríguez S, et al. Cradle-to-gate 
Life Cycle Assessment of bio-adhesives for the wood panel industry. 
A comparison with petrochemical alternatives. Sci Total Environ. 
2020;738:140357.

 136. Meramo S, Sukumara S. Environmental and economic assessment of 
bio-succinic acid production. Mendeley Data 2021. https:// doi. org/ 10. 
17632/ X7FVW 5DS5V.1.

 137. Huijbregts MAJ, Steinmann ZJN, Elshout PMF, et al. ReCiPe2016: a 
harmonised life cycle impact assessment method at midpoint and 
endpoint level. Int J Life Cycle Assess. 2017;22:138–47.

 138. Plastina A. Estimated costs of crop production in Iowa—2016. Ame; 
2021.

 139. Denicoff MR, Prater ME, Bahizi P. Corn transportation profile. Agric Mark 
Serv. 2014; 1–13.

 140. IHS Markit. Chemical Process Economics Program. 2017. https:// ihsma 
rkit. com/ produ cts/ chemi cal- techn ology- pep- index. html. Accessed 11 
Aug 2021.

 141. Center for Transportation Research and Education. Iowa’s renewable 
energy and infrastructure impacts. Ames; 2010.

 142. ISO. ISO 14044:2006—Environmental management—Life cycle assess-
ment—Requirements and guidelines. 2006. https:// www. iso. org/ stand 
ard/ 38498. html. Accessed 9 Aug 2021.

 143. Shaji A, Shastri Y, Kumar V, et al. Economic and environmental assess-
ment of succinic acid production from sugarcane bagasse. ACS Sustain 
Chem Eng. 2021;9:12738–46.

 144. European Commission. ILCD handbook. 1st edn. Luxembourg: Publica-
tions Office of the European Union; 2010. https:// eplca. jrc. ec. europa. eu/ 
ilcd. html.

 145. Ordouei MH, Elkamel A. New composite sustainability indices for 
Cradle-to-Cradle process design: case study on thinner recovery from 
waste paint in auto industries. J Clean Prod. 2017;166:253–62.

 146. Pawelzik P, Carus M, Hotchkiss J, et al. Critical aspects in the life 
cycle assessment (LCA) of bio-based materials—reviewing meth-
odologies and deriving recommendations. Resour Conserv Recycl. 
2013;73:211–28.

 147. Liu Y, Lyu Y, Tian J, et al. Review of waste biorefinery development 
towards a circular economy: from the perspective of a life cycle assess-
ment. Renew Sustain Energy Rev. 2021;139:110716.

 148. Arendt R, Bachmann TM, Motoshita M, et al. Comparison of different 
monetization methods in LCA: a review. Sustain. 2020;12:1–39.

 149. Paras MK, Pal R. Application of Markov chain for LCA: a study on 
the clothes ‘reuse’ in Nordic countries. Int J Adv Manuf Technol. 
2018;94:191–201.

 150. Pasha MK, Dai L, Liu D, et al. An overview to process design, simula-
tion and sustainability evaluation of biodiesel production. Biotechnol 
Biofuels. 2021;14:1–23.

 151. Abdella GM, Kucukvar M, Onat NC, et al. Sustainability assessment and 
modeling based on supervised machine learning techniques: the case 
for food consumption. J Clean Prod. 2020;251:119661.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1007/s11356-022-20857-z
https://doi.org/10.1186/s12302-021-00587-8
https://doi.org/10.1146/annurev-chembioeng-080615-033546
https://doi.org/10.1146/annurev-chembioeng-080615-033546
https://doi.org/10.17632/X7FVW5DS5V.1
https://doi.org/10.17632/X7FVW5DS5V.1
https://ihsmarkit.com/products/chemical-technology-pep-index.html
https://ihsmarkit.com/products/chemical-technology-pep-index.html
https://www.iso.org/standard/38498.html
https://www.iso.org/standard/38498.html
https://eplca.jrc.ec.europa.eu/ilcd.html
https://eplca.jrc.ec.europa.eu/ilcd.html

	Advances and opportunities in integrating economic and environmental performance of renewable products
	Abstract 
	Background
	TEA and LCA implementation in guiding R&D activities in bio-based production
	Integration of TEA and LCA
	Technology maturity and freedom of design in biotechnology R&D

	Overview of TEA and LCA integration efforts
	Combined indicators for sustainability quantification
	Optimization-based approaches for sustainability quantification
	Environmental and economic variations and sensitivity approaches

	Challenges of integrating LCA and TEA for sustainability quantification
	LCA and TEA harmonization and consistency issues
	Methodology selection and integration approaches
	Model representativeness and technology maturity

	A case study to highlight trade-offs and integration challenges in bio-based production
	Ways forward to integrate TEA and LCA for bio-based product innovation
	Refined monetization factors
	Advanced stochastic models
	Inclusion of computer-aided process design and optimization approaches
	Machine Learning in sustainability assessment

	Conclusions
	Acknowledgements
	References




